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1 Introduction

2 Single period optimal pricing problem
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3 Calibration, Lorenz curve and Gini index
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Figure 1 ϵ = −1 A−B
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Figure 2 C −D
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4 Economic interpretation of model diagnostics
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Figure 3 A − B
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5 Marginal proÄt plots
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6 Machine learning for risk cost estimation
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7 Conclusion
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